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Abstract: Land suitability assessment is a prerequisite phase in land use planning; it guides toward optimal land use by providing in-

formation on the opportunities and constraints involved in the use of a given land area. A geographic information system-based proce-

dure, known as rural settlement suitability evaluation (RSSE) using an improved technique for order preference by similarity to ideal 

solution (TOPSIS), was adopted to determine the most suitable area for constructing rural settlements in different geographical loca-

tions. Given the distribution and independence of rural settlements, a distinctive evaluation criteria system that differed from that of 

urban suitability was established by considering the level of rural infrastructure services as well as living and working conditions. The 

unpredictable mutual interference among evaluation factors has been found in practical works. An improved TOPSIS using Mahalanobis 

distance was applied to solve the unpredictable correlation among the criteria in a suitability evaluation. Uncertainty and sensitivity 

analyses obtained via Monte Carlo simulation were performed to examine the robustness of the model. Daye, a resource-based city with 

rapid economic development, unsatisfied rural development, and geological environmental problems caused by mining, was used as a 

case study. Results indicate the following findings: 1) The RSSE model using the improved TOPSIS can assess the suitability of rural 

settlements, and the suitability maps generated using the improved TOPSIS have higher information density than those generated using 

traditional TOPSIS. The robustness of the model is improved, and the uncertainty is reduced in the suitability results. 2) Highly suitable 

land is mainly distributed in the northeast of the study area, and the majority of which is cultivated land, thereby leading to tremendous 

pressure on the loss of cultivated land. 3) Lastly, 12.54% of the constructive expansion permitted zone and 8.36% of the constructive 

expansion conditionally permitted zone are situated in an unsuitable area, which indicates that the general planning of Daye lacks the 

necessary verification of suitability evaluation. Guidance is provided on the development strategy of rural settlement patches to support 

decision making in general land use planning. 
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1  Introduction 

Land suitability evaluation is regarded as a process for 
assessing the capacity or level of a land that is suitable 
for a particular use by considering numerous criteria 

(Steiner et al., 2000). This process has been widely used 
in several fields, such as alternative agriculture 
(Ceballos-Silva and López-Blanco, 2003; Abdelfattah, 
2013; Elsheikh et al., 2013), residential/commercial site 
selection (Bunruamkaew and Murayam, 2011; Al-Yahyai 
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et al., 2012), and wildlife habitat conservation (Hazarika 
and Saikia, 2013; Troy et al., 2014). Moreover, a large 
number of studies have been dedicated to suitability 
evaluation for urban development. Dong et al. (2008) 
built an integrated urban development suitability index 
(SI) to analyze urban development suitability in Jing-
jinji, China. Dai (2001) developed a geo-environmental 
evaluation process for urban planning. Park et al., 
(2011) predicted and compared urban growths through 
land SI mapping using different approaches. Research-
ers have been recently looking forward to rural settle-
ment suitability (Chen et al., 2013). However, such 
suitability remains under-investigated and lacks atten-
tion from the government in terms of planning.  

Extensive development and transition in both the so-
ciety and the economy of rural areas have been achieved 
since the implementation of economic reforms and the 
open-door policy in China in 1978 (Kennedy, 2010). 
However, the rapid urbanization and massive rural 
out-migration that follow the economic reforms have 
resulted in problems, such as urban expansion, settle-
ment abandonment, and hollowed villages accompanied 
by the occupation of high-quality crop land and the 
wasteful use of rural settlements (Liu et al., 2010; Long 
et al., 2012; Tan and Li, 2013; Chen et al., 2014). The 
area of rural settlements has increased rapidly in con-
trast to the declining rural populations mainly at the ex-
pense of farmlands because of the lack of appropriate 
planning and management for existing land resources 
(Bai et al., 2014). ′Dirty, disorderly, and bad′ is a wide-
spread phenomenon in most of the current villages in 
China that lack scientific village planning (Long et al., 
2009). The primary layout and design of rural settle-
ments are currently inappropriate because of changes in 
cultivation methods and lifestyles (Liu et al., 2014; 
Yangang and Jisheng, 2014). In this context, the Chinese 
government mapped out an important long-term devel-
opment strategy on ′the creation of a new socialist coun-
tryside′ in 2005, which was expected to accelerate the 
development of agricultural and rural economies and to 
integrate rural with urban development (Guo et al., 
2009). Relocating farmers to new villages or urban 
neighborhoods is one of the principal measures to pro-
mote the construction of a new socialist countryside 
(Ahlers and Schubert, 2009; 2013). This measure in-
volves the spatial optimization of rural settlements, 
which focuses on countryside planning (Long et al., 

2010). Relocating rural settlements is essential not only 
to accommodate to natural conditions but also to guar-
antee access to work and to provide education and sani-
tation (Bański and Wesołowska, 2010). Land suitability 
is assessed to adopt the best rural settlement location by 
identifying present and future rural geographical regions 
that can provide suitable living conditions. The com-
plexity of the rural situation requires land suitability 
evaluation to form a new reasonable rural settlement 
layout through a sophisticated analysis that considers a 
large number of critical issues, such as topography, 
community, and ecology (Santé-Riveira et al., 2008). 
The assessment of the suitability of rural settlements has 
become a prominent challenge to countryside planning 
and policy development. 

An appropriate selection of evaluation criteria is 
critical to ensure meaningful suitability evaluation re-
sults for rural settlement development. Selecting criteria 
that are representative, rational, and accurate to measure 
land suitability is crucial (Al-Shalabi et al., 2006). 
However, a standard for criteria that should be consid-
ered does not exist, and the criteria used in similar stud-
ies are generally those that are accessible, including 
geomorphological, socioeconomic, and environmental 
factors (Doygun et al., 2008; Cengiz and Akbulak, 
2009; Akıncı et al., 2013; Quinn et al., 2014). Certain 
factors have been considered in special cases. For ex-
ample, the risks of disasters and geological conditions 
have been emphasized to evaluate land suitability level 
for the post-earthquake reconstruction of the Lushan 
earthquake-stricken area (Tang et al., 2015). Sea level 
rise has been integrated into the land suitability assess-
ment of coastal communities in New York City (Berry 
and BenDor, 2015). A significant unevenness exists in 
the allocation of service facilities because of the distri-
bution and independence of rural settlements. In addi-
tion, rural residents experience poor living conditions in 
the countryside. Moreover, most members of the popu-
lation continue to engage in agriculture. Thus, a signifi-
cant difference exists between countryside planning and 
urban planning. Accordingly, appropriate factors that 
differ from those of urban areas should be selected. This 
study considered living conditions (i.e., proximity to 
clinics and schools) and working conditions (i.e., arable 
land area within farming radius) as assessment criteria 
that aim at land use suitability for rural residents. Con-
straints were considered as exclusionary criteria ac-
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cording to the characteristic of the study area. 
Improvements are necessary in the supply and accu-

racy of modeling and data sets related to rural settlement 
suitability in local regions. An appropriate approach is 
required to integrate different factors and to measure 
both the individual and cumulative effects of these fac-
tors. A series of methods has been introduced by re-
searchers to handle the different contributions of each 
criterion to the overall purpose, such as analytic network 
process (Pourebrahim et al., 2011), ordered weighted 
average (Yager, 1988; Romano et al., 2015), grav-
ity-resistance model (Chen-jing et al., 2011), mat-
ter–element model (Gong et al., 2012), cellular auto-
mata-based spatial multi-criteria model (Yu et al., 2011), 
and technique for order preference by similarity to ideal 
solution (TOPSIS) (Hwang and Yoon, 1981). TOPSIS is 
a well-known multiple criteria decision analysis 
(MCDA) approach because of its good performance on 
MCDA problems (Kim et al., 1997; Shih et al., 2007; 
Behzadian et al., 2012). The unpredictable mutual in-
terference among evaluation factors has been observed 
in practical works. The correlation among evaluation 
indicators in the evaluation model should be considered. 
An improved TOPSIS was utilized by applying the 
concept of Mahalanobis distance in determining the dis-
tance to ideal and negative solutions to resolve the cor-
relation problem. Mahalanobis distance was first applied 
by Antucheviciene et al. (2010) in TOPSIS to deter-
mine the priorities of the redevelopment alternatives of 
buildings. Then, the properties of the improved TOPSIS 
were explored by Wang (2014). In recent years, some 
important studies on using Mahalanobis distance in 
TOPSIS have been conducted to assess the competi-
tiveness of insurance corporations and select the best 
automobile production line (Villanueva Ponce and 
Garcia Alcaraz, 2013; Chen and Lu, 2014; Chen and Lu, 
2015). To date, no report on the application of the im-
proved TOPSIS on land suitability assessment is yet 
available. This suitability analysis provides a valuable 
first step in integrating geospatial technologies into the 
improved TOPSIS. In the present study, the improved 
TOPSIS was applied to address the rural settlement 
suitability evaluation (RSSE) problem. 

Accordingly, this study aimed to propose a concep-
tual and methodological framework for rural settlement 
suitability assessment that considered the entire proc-
ess—from criteria development to criteria aggregation. 

An evaluation criteria system that considered the level 
of infrastructure services, as well as living and working 
conditions, was developed because of the distribution 
and independence of rural settlements. An improved 
TOPSIS that used Mahalanobis distance was integrated 
into a geographic information system (GIS) environ-
ment to eliminate the effect of correlation in evaluation 
indicators. The uncertainty and sensitivity of the im-
proved TOPSIS were analyzed using Monte Carlo 
simulation to validate the performance of the model. 
Thus, the developed suitability model is useful to gov-
ernments, individuals, and researchers who are planning 
projects and conducting site selection in rural develop-
ment. 

2  Materials and Processing 

2.1  Study area 
The selected study area is Daye City, which is located at 
the southeast of Hubei Province in the central China 
(Fig. 1). Daye City covers an area of approximately 
1556.97 km2 (29°51′–30°20′N, 114°31′–115°11′E). It has a 
population of 962 300 in 2013, among which 422 200 
comprise the rural population. The area of rural settle-
ment is 118.50 km2, and the per capita rural settlement 
area reaches up to 280 m2, which is significantly higher 
than the national land use standard. 

Daye is a resource-based city with rich mineral re-
sources. As one of the top 100 counties in China, Daye 
enjoys sound economic development that relies on 
mineral resources. However, natural resource depletion 
has exhausted its mineral resources; simultaneously, 
numerous problems, such as a single and unbalanced 
economic structure, lack of growth potential, and seri-
ous ecological damage, have severely affected the sus-
tainable development of Daye. According to the Indus-
trial and Mining Wasteland Reclamation Planning of 
Daye, 71.69 km2 of the industrial and mining waste-
land of the city has induced geological environmental 
problems that affect residential building security. The 
influence of industrial and mining wasteland caused by 
resource overexploitation during the suitability evalua-
tion of rural settlements should be considered. In Daye, 
the sluggish growth of the rural economy and the slow 
increase in the income of farmers has lowered the liv-
ing standards of farmers. In 2013, the average urban 
disposable income of Daye was 23 063 yuan (RMB),  
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Fig. 1  Location of study area and overview of its rural settlements 

 
whereas the rural per capita net income was 10 616 
yuan (RMB). The income gap between the rural and 
urban populations has widened from 1.92 to 1.00 in 
1978 to 2.17 to 1.00 in 2013. The creation of a new so-
cialist countryside has been widely implemented in 
Daye to reduce income gap and promote rural develop-
ment. The rural planning survey of 110 unincorporated 
villages has been completed in the last few years, and 

countryside planning is required at the present stage. 
Thus, the RSSE model can contribute to countryside 
planning. 

2.2  Data sources and processing 
The data used in this study were collected from various 
sources (Table 1). Land use data, including the road map 
of the study area, were derived from the 1 ׃   10 000 land 
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use map based on land utilization alteration data in 
2012. The digital elevation model (DEM), with a spatial 
resolution of 30 m × 30 m, was obtained from the Inter-
national Scientific Data Service Platform. Slope and 
aspect were generated with the DEM using 3D analyst 
tools in ArcGIS 10.0. The hazardous areas resulting 
from mining were extracted from the status quo map of 
the industrial and mining wasteland distribution. The 
distribution of public service facilities was obtained 
through specific investigation and mapping via a field 
survey. A normalized difference vegetation index 
(NDVI) map to represent the vegetation cover for the 
study area was generated using a digitally processed 
Landsat 7 TM image taken in 2010. The constructive 
expansion permitted zone and the constructive expan-
sion conditionally permitted zone were extracted from 
the zoning map for regulating the constructive expan-
sion. The population status of each rural settlement 
patch was gathered by conducting a questionnaire sur-
vey with the village head. 

Prior to further processing, all data were converted or 
resampled into raster data with a resolution of 30 m × 
30 m through ArcGIS 10.0. The RSSE model based on 
the improved TOPSIS and Monte Carlo simulation was 
developed using MATLAB 8.0, and the spatial explicit 
results were mapped using ArcGIS 10.0. 

3  Methods 

Three major phases of the methodology were adopted in 
the RSSE model using an improved TOPSIS, namely, 
criteria development, suitability classification and 
weight assigning, and criteria aggregation. Figure 2 
shows the three phases of the model. The details of the 
major processes are presented in the following subsec-
tions. 

3.1  Criteria development 
The suitability of rural settlements is influenced by sev-
eral factors. The design of evaluation criteria depends on 
resource endowment, major demand, and the contradic-
tion of local residents. In addition, criteria should be 
subjected to certain principles, including maturity, ob-
jectivity, consistency, measurability, accessibility, dy-
namics, and relative stability (Zhang and Chen, 2011). 

Evaluation criteria were classified into two principal 
categories, namely, exclusionary criteria (constraints) 
and opportunity criteria, which involved topography, 
community characteristics, and ecological factors. Ex-
clusionary criteria refer to factors that limit construction 
to certain geographic areas (Jeong et al., 2014). Oppor-
tunity criteria are adopted to reflect the degree of op-
portunity (or suitability) using quantitative or ranked 
values allocated to all mapping units (Liu et al., 2014). 
In particular, 7 exclusionary criteria and 17 opportunity 
criteria were introduced into the suitability evaluation 
process (Dong et al., 2008; Emami and Zarkesh, 2011; 
Liu et al., 2014). Exclusionary criteria include the follow-
ing: 1) surface water bodies; 2) collapse area; 3) mined- 
out region; 4) landslide region; 5) cover occupation 
area; 6) excavation area; and 7) pollution area. Opportu-
nity criteria include the following: 1) elevation; 2) slope; 
3) aspect; 4) proximity to cities; 5) proximity to towns; 
6) proximity to village committees; 7) proximity to 
roads; 8) proximity to hospitals; 9) proximity to clinics; 
10) proximity to high schools; 11) proximity to middle 
schools; 12) proximity to primary schools; 13) prox-
imity to kindergartens; 14) arable land area within 
farming radius; 15) land use and cover type; 16) prox-
imity to water bodies; and 17) vegetation. The details of 
each subcriterion are shown in Tables 2 and 3. The cri-
teria setup was selected according to local characteris-
tics, authenticated literature, and the opinions of experts. 

 
Table 1  List of data and their original sources 

Data Scale Source 

Land use map 2012 1  Daye Bureau of Land and Resources 000 10 ׃ 

DEM 30 m × 30 m International Scientific Data Service Platform 

Status quo map of ′industrial and mining wasteland distribution′ 1 -Daye Bureau of Land and Resources (Industrial and Mining Wasteland Recla 000 10 ׃ 
mation Planning of Daye) 

Map of zoning for ′regulating the constructive expansion′ 1  Daye Bureau of Land and Resources (General Land Use Planning of Daye) 000 10 ׃ 

Distribution of public service facilities  Field survey with GPS 

Landsat 7 TM image (2010) 30 m × 30 m International Scientific Data Service Platform 

Population status of each rural settlement patch  Questionnaire survey against the village head 
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Fig. 2  Procedure of RSSE model using improved TOPSIS 

 
Table 2  Subcriteria of exclusionary criteria 

Sub-criteria Description 

Surface water bodies (SWB) Areas whose status quo is the land of waters, including lakes, reservoirs and rivers 

Collapse area (CA) Areas that have collapsed caused by underground mining 

Mined-out region (MOR) Areas excavated and hollowed out by underground mining 

Land slide region (LSR) Areas damaged of threatened by land slide hazard 

Cover occupation area (COA) Areas used to pile up mineral waste and difficult to control its potential pollution threat 

Excavation area (EA) Areas with open pit surrounded by excavation mines 

Pollution area (PA) Areas polluted by tailings ponds or storing slag and waste residue 

 

3.2  Suitability classification and weight assigning 
of criteria 
Based on the previously defined criterion index, values 
were derived and standardized for the opportunity and 
exclusionary factors before these non-commensurate 
criteria were combined. Exclusionary criteria were 
quantized into binary form ′0–1′ (0 for the area with 
exclusionary criteria constraints, and 1 for the area 
without exclusionary criteria constraints) (Jeong et al., 
2014). A scoring and ranking system was used to quan-

tify the suitability levels of the opportunity factors from 
1 to 4 (Table 4), according to literature review and ex-
pert opinions (Pourebrahim et al., 2011; Gong et al., 
2012). A high score denotes that the area has high suit-
ability. 

These opportunity criteria were assigned with differ-
ent weights based on their various influences on rural 
settlement suitability. The pairwise comparison method 
was used to calculate the weights of each criterion. The 
9-point weighing scale of Saaty (1977) was applied to  
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Table 3  Subcriteria of opportunity criteria 

Criteria Sub-criteria Description 

Elevation (ELE) Areas showing the basic parameter of altitude 

Slope (SLO) Areas showing topographic relief expressed in degrees 

Topography 

Aspect (ASP) Areas showing the basic orientation of the terrain 

Proximity to cities (PTC) 
Areas calculated using Euclidean distance functions, the radial distance from cities representing a 
convenient access to the cities 

Proximity to towns (PTT) 
Areas calculated using Euclidean distance functions, the radial distance from towns representing a 
convenient access to the towns 

Proximity to village committees 
(PTVC) 

Areas calculated using Euclidean distance functions, the radial distance from village committees 
representing a convenient access to the political center at a local level 

Proximity to roads (PTR) 
Areas calculated using Euclidean distance functions, the radial distance from roads representing a 
better transportation condition 

Proximity to hospitals (PTH) 
Areas calculated using Euclidean distance functions, the radial distance from hospitals representing 
a better medical service 

Proximity to clinics (PTCL) 
Areas calculated using Euclidean distance functions, the radial distance from clinics representing a 
better medical service 

Proximity to high schools (PTHS) 
Areas calculated using Euclidean distance functions, the radial distance from high schools repre-
senting a better senior secondary educational level 

Proximity to middle schools  
(PTMS) 

Areas calculated using Euclidean distance functions, the radial distance from middle schools repre-
senting a better compulsory educational level 

Proximity to primary schools  
(PTPS) 

Areas calculated using Euclidean distance functions, the radial distance from primary school repre-
senting a better elementary educational level 

Proximity to kindergartens  
(PTK) 

Areas calculated using Euclidean distance functions, the radial distance from kindergartens 
representing a better pre-school educational level 

Community 

Arable land area in farming radius 
(ALA)* 

Areas calculated the area around the farming radius representing the cultivation basic conditions 

Land use and cover type (LUCT) Areas covering different land use and cover types playing different roles in the ecological system 

Proximity to water bodies  
(PTWB) 

Areas calculated using Euclidean distance functions, the radial distance from water bodies repre-
senting the influence to the aquatic ecosystems 

Ecology 

Vegetation (VEG) 
Areas with different levels of vegetation formation using the normalized difference vegetation index 
(NDVI) 

Note: * Farming radius is defined as 2.5 km by distance walking for 30 min at 5 km/h 

 
develop a pairwise comparison matrix. This scale ranges 
from 1 to 9, with 1 indicating equal importance between 
two criteria, 9 indicating extreme importance, and the 
numbers in between indicating different degrees of im-
portance. The relative importance of the factors was 
identified by asking for advice from local residents and 
experts, and 12 usable responses were obtained out of 
13. The weight values could be derived by taking the 
principal eigenvector of the square reciprocal matrix of 
the pairwise comparison and then normalizing the sum 
of the components to a unity (Saaty, 1977). The consis-
tency of the comparison matrices was tested and proven 
acceptable. The weight of each evaluation factor was 
determined. The results are presented in Table 4. 

3.3  Procedure for aggregating criteria 
RSSE is a spatial MCDA procedure. We adopted each 
geographical evaluation unit as an independent alterna-
tive and each geographical indicator represented as map 
layers were regarded as evaluation criterion (Malcze-
wski, 2006). Topography, community, and ecological 
factors were considered in the evaluation method. SI 
was received as the final output of the evaluation 
through the trade-off among the three types of factors. 
The overall procedure of the RSSE model using the im-
proved TOPSIS operator structure is shown in Fig. 2. 

First, exclusionary criteria were used to exclude areas 
that were obviously unsuitable for rural settlements. The 
constraint index is calculated as follows: 
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Table 4  Ranking, scoring, and weights of opportunity factors for rural settlement suitability evaluation (RSSE) 

Rank Highly suitable Moderately suitable Marginally suitable Unsuitable 

Score 4 3 2 1 
Weights 

ELE (m) ≤30 30–200 200–500 >500 0.0519 

SLO (°) ≤5 5–15 15–25 >25 0.1101 

ASP Flat South East or west North 0.0121 

PTC (m) ≤10 000 10 000–20 000 20 000–30 000 >30 000 0.1502 

PTT (m) ≤2000 2000–4000 4000–6000 >6000 0.1106 

PTVC (m) ≤1000 1000–2000 2000–3000 >3000 0.0207 

PTR (m) ≤1000 1000–2000 2000–3000 >3000 0.1222 

PTH (m) ≤2000 2000–4000 4000–6000 >6000 0.0312 

PTCL (m) ≤1000 1000–2000 2000–3000 >3000 0.0553 

PTHS (m) ≤2000 2000–4000 4000–6000 >6000 0.0344 

PTMS (m) ≤1000 1000–2000 2000–3000 >3000 0.0634 

PTPS (m) ≤1000 1000–2000 2000–3000 >3000 0.0639 

PTK (m) ≤2000 2000–4000 4000–6000 >6000 0.0432 

ALA (hm2) >1000 600–1000 300–600 ≤300 0.0275 

LUCT build-up, wasteland Grasslands, sparse woodland
other agricultural land, orchard,  

closed forest land 
cultivated land,  

water body 
0.0608 

PTWB (m) >200 140–200 100–140 ≤100 0.0260 

VEG ≤0.1 0.1–0.2 0.2–0.3 >0.3 0.0165 

Notes: ELE, elevation; SLO, slope; ASP, aspect; PTC, proximity to cities; PTT, proximity to towns; PTVC, proximity to village committees; PTR, proximity to 
roads; PTH, proximity to hospitals; PTCL, proximity to clinics; PTHS, proximity to high school; PTMS, proximity to middle schools; PTPS, proximity to primary 
schools; PTK, proximity to kindergartens; ALA, arable land area in farming radius; LUCT, land use and cover type; PTWB, proximity to water bodies; VEG, 
vegetation 

 

1

l

k
k

CI e


    (1) 

where CI is the constraint index; ek is the criterion score 
of exclusionary criterion k; and l is the number of exclu-
sionary criteria. 

Second, the suitability values of opportunity criteria 
were calculated using the improved TOPSIS. In 
TOPSIS, the best alternative should be selected to ex-
hibit the shortest distance from the positive ideal solu-
tion and the farthest distance from the negative ideal 
solution simultaneously (Chen and Tzeng, 2004; 
Sakthivel et al., 2015). The positive ideal solution 
maximizes the benefit criteria/attributes and minimizes 
the cost criteria/attributes, whereas the negative ideal 
solution maximizes the cost criteria/attributes and 
minimizes the benefit criteria/attributes (Wang and 
Elhag, 2006; Aloini et al., 2014). 

Situations in geography and humanities vary geo-
graphically (Démurger, 2001; Cai et al., 2002). An un-
predictable correlation may exist among indices. Maha-
lanobis distance was integrated into traditional TOPSIS 

to promote a widely applicable method that could 
eliminate the correlation problem when rural settlement 
suitability was evaluated. Mahalanobis distance is a sta-
tistical distance proposed by Mahalanobis (1936). It 
considers the correlation of criteria vectors because it is 
calculated using the inverse of the variance-covariance 
matrix of the multiple criteria matrix (Xiang et al., 
2008). 

The i sample point is represented by xi = (xi1, xi2, …, 
xim)T. The Mahalanobis distance between two points, x1 
and x2, can be calculated as follows: 

     T 1
1 2 1 2 1 2,d x x x x C x x     (2) 

where C is the variance-covariance matrix constructed 
from the data set X; thus, C is positively semi-definite. 
The improved TOPSIS can be summarized as follows. 

An MCDA problem is supposed to have n alterna-
tives S1, S2, …, Sn. Each alternative has m decision crite-
ria, C1, C2, …, Cm. All the alternatives were evaluated 
with respect to m criteria, and a decision matrix denoted 

by X= (xij)n×m was formed. The decision matrix was 
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normalized in advance to eliminate dimensional influ-
ence. 

The Mahalanobis distances of each alternative xi to 
the ideal solution (S+) and the negative ideal solution 
(S-) can be calculated, respectively, as follows: 

     1,
T T

i i id x S S x C S x         

i = 1, 2, …, n  (3) 

     1,
T T

i i id x S x S C x S           

i = 1, 2, …, n  (4) 

With regard to decision matrix X that contains n al-
ternatives and is measured for m criteria, the vari-
ance–covariance matrix C was initially constructed. We 
used the diagonal matrix of the weight vector Ω, where 
ω is the relative weights of the criteria and m is the 
number of opportunity criteria, as follows: 

 1 2, , , mdiag          (5) 

By calculating the closeness coefficient of each al-
ternative to the ideal solution, the relative closeness of 
alternative Si is defined as follows: 

 
   

,

, ,

i

i

i i

d x S
CC

d x S d x S



 



  (6) 

The preference of the i-th alternative is indicated by 

CCi. A high CCi value indicates that Si is an appropriate 
alternative, and vice versa. 

Finally, the mathematical equation used to assign the 
overall SI, which applies both exclusionary and 
non-exclusionary criteria, is as follows: 

i i iSI CI CC    (7) 

where SIi is the overall suitability index of the i-th al-
ternative (geographical evaluation unit), CIi is the con-
straint index calculated using exclusionary criteria, and 
CCi is the closeness coefficient calculated using non-         
exclusionary criteria.  

3.4  Uncertainty and sensitivity analyses 
Uncertainty and sensitivity analyses are required to ex-
amine the robustness of the evaluation model and con-
firm the stability of the results (Delgado and Sendra, 
2004). Criterion weight is one of the most important 
uncertainty sources derived from expert judgments 
(Benke and Pelizaro, 2010). Criterion weight uncer-
tainty and sensitivity in the RSSE model were analyzed 
using Monte Carlo simulation. Weight samples ex-
pressed in probability distributions were applied to the 
RSSE model to realize Monte Carlo simulation, and the 
final output probability distribution for each iteration of 
the model was generated (Ligmann-Zielinska and 
Jankowski, 2014). The uncertainty and sensitivity met-
rics of the RSSE model could then be derived from this 
distribution. 

 
Fig. 3  Procedures for uncertainty and sensitivity analyses of suitability weights 
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Uncertainty analysis was performed using MATLAB 
8.0. The work flow is shown in Fig. 3. First, two inde-
pendent lists of g weight samples were generated based 
on uniform probability density function with a range of 
[0.0, 1.0] to represent the uncertainty of m criteria 
weights, which were referred to as sample lists A and B. 
Second, a series of output suitability maps was calcu-
lated with the RSSE model using all the weight vectors 
in A, given that either of the two sample lists was inde-
pendent and sufficient to compute an entire range of 
model responses. Finally, standard deviation (STD) sur-
faces were calculated to represent the uncertainty sur-
face. 

The sensitivity of the model was measured using the 
first-order effect index (referred to as SF hereafter) and 
the total effect index (referred to as ST hereafter) of each 
factor. SFi measures the first-order (e.g., additive) effect 
of the given criterion weight of the i-th generic factor Ci 
on the variance of the model output. A larger value of 
this effect denotes a larger influence on suitability score 
variability. STi measures the overall effect of a given 
weight of the i-th generic factor Ci, including its interac-
tions with other weights (and, indirectly, other suitabil-
ity criteria). Both sets of indices, SFi and STi, were esti-
mated by following the radial sample procedure pro-
posed by Saltelli et al. (2010). The procedure begins 
from the two weight samples, A and B, which has been 
generated earlier. We adopted aji and bji as the generic 
elements of A and B. In these elements, index i runs 
from one to m, that is, the number of factors, whereas 
index j runs from one to g, that is, the number of simu-
lations. We subsequently introduced radial weight sam-

ple  i
BA  (  i

AB ), wherein all columns were from A (B) 

except for the i-th column, which was substituted with 
value b from an equivalent sample in B (A). For exam-
ple, for the weight sample [aj1, aj2, aj3, … aji, … ajm], m 

radial samples  i
BA  are generated in the following 

form: 

[aj1, aj2, aj3, … bji, … ajm]     (8) 

We obtained (m + 2)g weight samples. For a conven-
ient discussion, the function of the RSSE model with 
regard to weight was given in the form of Y = f(w1, w2, 
w3,…wm), with Y as the suitability map generated using 
the RSSE model. 
SFi can be computed as follows: 

      
1

1 g i
i Aj jjj

SF f A f B f B
g 

    
 

  (9) 

STi can be computed as follows:  

        
1

1 g i
i Bj j jj

ST V Y f A f A f A
g 

     
 

  (10) 

where V(Y) is the variance of the model output Y ob-
tained throughout the radial samples. 

4  Results and Discussion 

4.1  Comparison between traditional TOPSIS and 
improved TOPSIS 
Two suitability location maps were generated using tra-
ditional TOPSIS and the improved TOPSIS, as shown in 
Fig. 4, to verify the use of the improved TOPSIS. 

 
Fig. 4  Suitability surface using traditional TOPSIS (a) and improved TOPSIS (b) 
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The suitability evaluation map produced using tradi-
tional TOPSIS shows an obvious pattern of ′pole–axle– 
circle′ because of an intense preference for proximity to 
towns and proximity to roads. Both factors exhibit a 
strong correlation and reinforce each other′s influence 
on the suitability evaluation results. The suitability 
evaluation results are dominated by the distribution of 
roads and towns. However, residents no longer care for 
proximity to roads when proximity to towns is satisfied, 
and other factors become more important. For example, 
high schools and kindergartens are distributed mainly in 
the urban district of the city. The influence of proximity 
to cities includes the influence of high schools and kin-
dergartens to a certain extent. The improved TOPSIS 
reduces the influence of correlation among factors, and 
a reasonable suitability evaluation map is obtained. The 
suitability evaluation map based on the improved 
TOPSIS provides more details of the evaluation vari-
ance than the map based on traditional TOPSIS, and 
differences in other evaluation factors are also reflected. 
The suitability evaluation map produced using the im-
proved TOPSIS reduces the preference of the interaction 
factors and increases emphasis on independent factors. 

Two frequency histograms are shown in Fig. 5 to 
compare the statistical distributions of the evaluation 
results. For a convenient comparative analysis, the raster 
cells in the constrained area with 0 SI are not involved 
in the statistical distributions. 

The suitability evaluation map obtained using tradi-
tional TOPSIS exhibits equilibrium distribution around 
varied suitability values. By contrast, the suitability 
value obtained using the improved TOPSIS is more 
concentrated within the scope of 0.5–0.7. This result is 
in accordance with the practical situation because only a 

small area is extremely suitable or unsuitable for rural 
settlements. All the factors in the highly suitable area 
will be in good condition. An area that is in poor condi-
tion will be marked as unsuitable.  

4.2  Uncertainty and sensitivity analyses 
The uncertainty and sensitivity analyses of the two suit-
ability evaluation methods were performed following 
the method proposed in Section 2.3. According to this 
method, two independent lists of 2240 weight samples 
of the 17 criteria weights were generated, which were 
referred to as sample lists WA and WB. The weight sam-
ples of each criterion were defined in accordance with 
the uniform distribution within the range of 0 to 1. The 
simulated maps for rural settlement suitability in the 
study area were generated using one of the sample lists, 
that is, WA. Uncertainty analysis was conducted using 
the listed 2240 simulated maps. The spatial distribution 
of the uncertainty index represented by the STD values 
of the simulated maps was generated, as shown in Fig. 6 
(Yeh and Tung, 1993). 

The mean STD value of the simulated maps obtained 
using traditional TOPSIS is 0.064, whereas that of the 
simulated maps obtained using the improved TOPSIS is 
0.041. The improved TOPSIS increased robustness and 
obviously reduced uncertainty. Additional details of the 
uncertainty change can be determined by comparing the 
spatial distribution map of the STD value based on tra-
ditional TOPSIS with that based on the improved 
TOPSIS. The high uncertainty value area is distributed 
in the northwest and eastern parts of the study area in 
the map generated using traditional TOPSIS. By con-
trast, the high uncertainty value area is distributed in the 
southwest and northeast parts of the study area and is 

 

Fig. 5  Histogram of suitability surface using traditional TOPSIS (a) and improved TOPSIS (b) 
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Fig. 6  Uncertainty (STD value) distribution map of RSSE obtained using traditional TOPSIS (a) and improved TOPSIS (b) 

 

Fig. 7  Mean first-order sensitivity values (a) and total effect sensitivity values for each RSSE criterion (b). ELE, Elevation; SLO, 
Slope; ASP, Aspect; PTC, Proximity to cities; PTT, Proximity to towns; PTVC, Proximity to village committees; PTR, Proximity to 
roads; PTH, Proximity to hospitals; PTCL, Proximity to clinics; PTHS, Proximity to high school; PTMS, Proximity to middle schools; 
PTPS, Proximity to primary schools; PTK, Proximity to kindergartens; ALA, Arable land area in farming radius; LUCT, Land use and 
cover type; PTWB, Proximity to water bodies; VEG, Vegetation 

 
concentrated in a small area in the map generated using 
the improved TOPSIS. Sensitivity analysis was con-
ducted based on the method proposed in Section 2.3 to 
investigate the primary factors that contributed to the 
fluctuation of the suitability value. 

Sensitivity analysis was performed on the RSSE cri-
teria to determine the sensitivity of the SI to changes in 
criteria weights. Based on the method in Section 2.3, the 
S value maps and ST value maps of each evaluating 
factor were generated in the study area. The mean 
S-values and ST-values of each factor were calculated in 
the map, as shown in Fig. 7. A significant difference 
exists in the sensitivity index affected by the changes in 
the weighting of various evaluating factors. The mean 

S-values and ST-values of each factor obtained using 
traditional TOPSIS and the improved TOPSIS, respec-
tively, are different to a certain extent. The mean 
S-values of elevation, proximity to kindergartens, arable 
land area within farming radius, and proximity to water 
body obtained using the improved TOPSIS are signifi-
cantly larger than those obtained using traditional 
TOPSIS. The mean S-values of slope, aspect, proximity 
to high schools, and proximity to middle schools ob-
tained using the improved TOPSIS are significantly 
smaller than those obtained using traditional TOPSIS. 
The mean ST-values of each factor are generally smaller 
than their S-values. The disparity between the ST-values 
obtained using the improved TOPSIS and traditional 
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TOPSIS is relatively smaller than that for the S-values 
because the ST-value measures the overall effect of a 
given factor, including its interactions with other factors. 
Consequently, its effect is consistent with that of the 
improved TOPSIS. 

4.3  Distribution of suitable areas 
The RSSE value was classified into four categories based 
on the natural breaking point method in ArcGIS 10.0, as 
shown in Table 5 and Fig. 8. The four categories, from 
high to low, are highly suitable, moderately suitable, 
marginally suitable, and unsuitable. The highly suitable 
area is primarily distributed in the northeast of the study 
area. The total area under the highly suitable class is 
roughly 523.80 km2 (33.63% of Daye). Such land 
mostly has convenient traffic and good infrastructure 
conditions. The moderately suitable area is principally 
distributed in the west and north parts of the study area 
and is approximately 654.89 km2 (42.07%). The traffic 
conditions in such land are not too good. Moreover, the 
flat topography of this area is barely satisfactory for ru-
ral inhabitants. The marginally suitable area is primarily 
distributed in the southeast part of the study area. The 
rugged terrain reduces the degree of development in this 
area, and living in this area is inconvenient. A total area 
of roughly 212.08 km2 (13.63%) is categorized as mar-
ginally suitable for rural settlement. The unsuitable areas, 
with approximately 166.20 km2 (10.67%), are distributed 
sporadically in the center, northeast, and northwest parts 
of the study area. Such areas are mainly lakes, reser-
voirs, and industrial and mining lands. 

As shown in Table 5, a significant difference exists in 
the areas of various land uses in each suitability class. 
Most built-up land belongs to the high suitability class 
because of continuous development and utilization. 
However, 33.01 km2 of built-up land is under the un-
suitability class. These built-up areas should be either 
reinforced or relocated. Cultivated land mainly belongs 

to the high suitability and moderate suitability classes. 
Such land also comprises the largest portion in the high 
suitability class because it always has good location and 
water resources. The result signifies that the protection 
of cultivated land is under considerable pressure. The 
areas of forests, grasslands, and water bodies in the high 
suitability class are small because of environmental 
protection. 

4.4  Implications 
An improved TOPSIS was applied in this study to de-
termine the optimal land suitability for rural settlements, 
which could be used to support decisions on land use 
planning. The method can help planners enhance their 
understanding of local conditions, and thus, facilitate 
their accurate, judicious, and timely decision making 
(Pourebrahim and Hadipour, 2011). On the one hand, 
this model can help select the best alternatives to future 
rural settlements. On the other hand, this model can help 
identify inhospitable areas where rural settlements 
should be consolidated or relocated. The general land  

 

Fig. 8  Suitability category map of study area 

 

Table 5  Area of different land uses in each suitability class (km2) 

Land use categories 
Suitability class 

Built-up Cultivated land Forest Grassland Water body Unutilized land 
Total 

Highly suitable 162.99 230.56 73.82 18.20 32.85 5.38 523.80 

Moderately suitable 37.67 322.00 203.48 17.51 62.84 11.39 654.89 

Marginally suitable 2.21 11.86 188.43 4.21 0.84 4.53 212.08 

Unsuitable 33.01 24.59 9.09 2.31 96.26 0.94 166.20 

Total 235.88 589.01 474.82 42.23 192.80 22.23 1556.97 
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Table 6  Suitability classes of regions in constructive expansion permitted zone and constructive expansion conditionally permitted 
zone 

Constructive expansion permitted zone Constructive expansion conditionally-permitted zone 
Suitability class 

Area (km2) Percentage (%) Area (km2) Percentage (%) 

Highly suitable 185.85 70.23 58.21 70.51 

Moderately suitable 43.88 16.58 16.98 20.57 

Marginally suitable 1.72 0.65 0.47 0.56 

Unsuitable 33.19 12.54 6.90 8.36 

 
use planning of Daye (2010–2020) was implemented in 
2012. One of the most important elements of the afore-
mentioned planning is the demarcation of the construc-
tive expansion permitted zone and the constructive ex-
pansion conditionally permitted zone. The former is the 
region where urban and rural constructions are permit-
ted in the planning period. By contrast, the latter is the 
region where urban and rural constructions are permit-
ted only when certain conditions are satisfied in the 
planning period. We overlaid the microzonation map 
and the suitability category map. The results indicate 
that the two demarcated zones are primarily located in 
highly suitable areas, with proportions of up to 70.23% 
and 70.51%, respectively. However, as shown in Table 6, 
12.54% of the constructive expansion permitted zone 
and 8.36% of the constructive expansion conditionally 
permitted zone are situated in unsuitable areas. In this 
context, these areas do not satisfy construction demand, 
and building rural settlements in such areas should be 
avoided. This observation indicates that the compilation 
of the general land use planning of Daye lacks investi-
gation and evaluation. 

This study analyzed the development strategy of rural 
settlement patches in Daye in terms of the suitability 
class and population size of rural settlement patches to 
provide specific guidance for rural settlement land con-
solidation and new construction. The rural settlement 
patches were divided into four development types, 
namely, urbanization-oriented, priority, restricted ex-
pansion, and relocation, according to the following 
rules. Rural settlement patches located in unsuitable 
class were defined as relocation development type be-
cause of the insecurity condition or harmful environ-
mental influence. Small rural settlement patches (Living 
population < 200 m2, GB 50188-2007. Ministry of Con-
struction of the People′s Republic of China, 2007. Stan-
dard for planning of town: China building industry 
press) located in the area marked as marginally suitable 

class were also defined as relocation development type. 
Rural settlement patches adjacent to cities and towns 
were defined as urbanization-oriented development 
type, given the advantages in developing second and 
third industries. Large rural settlement patches (Living 
population ≥ 600 m2 GB 50188-2007. Ministry of Con-
struction of the People′s Republic of China, 2007. Stan-
dard for planning of town: China building industry 
press) located in highly suitable class were defined as 
priority development type because of the good living and 
production conditions. The remaining rural settlements 
were defined as restricted expansion development type.  

The spatial distributions of the rural settlement 
patches in each development type are shown in Fig. 9. 
Among the 4727 patches, 612 were categorized under 
urbanization-oriented development type, and the popu-
lation was 74 250. These rural settlement patches were 
undoubtedly distributed around cities and towns, with an 
area of 2057.60 ha (Table 7). The residents of these rural 
settlements were encouraged to engage in secondary and 
tertiary industries and to change their rural lifestyle to 
an urban lifestyle. Among the 4727 patches, 103 were 
categorized under priority development type, and the 
population was 55 850. These rural settlement patches 
were mainly distributed northeast of Daye, with an area 
of 1407.79 hm2, because the downtown section of the 
study area was located near these patches. In these ar-
eas, measures should be taken to increase the integrity 
of infrastructure and to provide infrastructure services 
for the surrounding area. A total of 7848 patches with a 
population of 272 810 were classified under the re-
stricted expansion development type. These rural set-
tlements with poor infrastructure condition were ex-
periencing population emigration. These areas were also 
guided on the intensive use of land to prevent disorgan-
ized expansion. A total of 264 patches were defined as 
relocation development type with an area of 537.09 ha. 
A total of 19 290 population should migrate to neighbor-



652 Chinese Geographical Science 2016 Vol. 26 No. 5 

ring villages or be resettled by the government. The 
evaluation of rural settlement suitability resulted in the 
suggestion of future rural settlement development. 

In addition to the agricultural function of rural areas, 
socioeconomic factors play important roles (Chisholm, 
1972). This research presented a distinctive criterion 
that considered both natural and socioeconomic factors. 
Moreover, geological and environmental problems in-
duced by resource mining were regarded as critical fac-
tors in rural settlements as a result of the damage to such 
settlements caused by resource mining. Similar prob-
lems occur in other resource-based cities, wherein dis-
aster levels continue to increase and losses are severe 
(Li et al., 2013). A total of 69 cities in China are desig-
nated as resource-exhausted cities and are confronted 
with the same problems as Daye (Li et al., 2013). The 
presented criterion can be used to evaluate the suitability 
of rural settlements in other resource-based cities. 
However, it should be improved and supplemented ac-
cording to local conditions to spread the utilization of 
the RSSE model further. This research used a uniform 
evaluation model to assess the overall extent of a rural 
area. Nevertheless, an obvious differentiation of 
land-use structure exists between a near-urban country-
side and a rural hinterland (Zhu et al., 2014). To en-
hance the evaluation result, the differentiation of land 
use and function of rural settlements should be consid-
ered. 

5  Conclusions 

This study proposed a scientifically founded approach 
known as RSSE based on improved TOPSIS to assess 
the suitability of rural settlement development. A com-
prehensive evaluation criteria system, which was di-
vided into exclusionary criteria and opportunity criteria, 
was established according to rural settlement character-
istics. Mahalanobis distance was used to solve the cor-
relation problem among evaluation factors in improved 

TOPSIS. The uncertainty and sensitivity of the rural 
settlement suitability maps produced using the improved 
TOPSIS were analyzed via Monte Carlo simulation to 
validate the robustness of the model. The conclusions 
drawn are as follows. 

The obtained results indicate that the improved 
TOPSIS, integrated into the RSSE model in a GIS envi-
ronment, is apparently appropriate in addressing the 
problem of land suitability for rural settlements. Suit-
ability evaluation maps obtained using the RSSE model 
based on traditional TOPSIS and the improved TOPSIS 
were produced and compared. The improved TOPSIS 
reduced the effect of correlation among factors, and a 
reasonable suitability evaluation map was obtained. The 
criteria weight uncertainty of the RSSE function based 
on the improved TOPSIS is lower than that of the RSSE 
function based on traditional TOPSIS, thereby reducing 
the influence of weight subjectivity derived from expert 
preference. The resultant maps obtained using the RSSE 
model can be used to rectify and improve the quality of 
land use planning. The analysis indicated that a few land 

 

Fig. 9  Distribution of rural settlement patches under different 
development types 

 
Table 7  Statistics of development strategy for constructing rural settlements 

Development strategy Area (ha) Population (thousand) Number of patches 

Urbanization-oriented 2057.60 74.25 612 

Priority development 1407.79 55.85 103 

Restricted expansion 7848.02 272.81 3748 

Relocation 537.09 19.29 264 

Total 11 850.50   422.20 4727 
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parcels with planned use conflicted with the suitability 
map. These land parcels may also require countermea-
sures in the future. The assessment of rural settlement 
suitability can help governments design interventions 
and develop appropriate policies for rural settlements in 
different locations. The development strategy for each 
rural settlement patch can provide guidance in terms of 
the suitability evaluation result and population size. Al-
though this study was conducted in Daye, the employed 
methodology would also be useful and applicable to 
other rural areas in China.  

The model used in this research simplified the inter-
relation among factors and regarded it as a trade-off. 
However, the relationship among factors is unavoidably 
complementary, and thus, an enhanced model is re-
quired. In addition, future iterations of this model should 
incorporate a wide range of recent and detailed data sets 
as well as include socioeconomic and infrastructural 
criteria as data become available. 

References 

Abdelfattah M A, 2013. Integrated suitability assessment: a way 
forward for land use planning and sustainable development in 
Abu Dhabi, United Arab Emirates. Arid Land Research and 
Management, 27(1): 41–64. doi: 10.1080/15324982.2012. 
722579 

Ahlers A L, Schubert G, 2009. ′Building a New Socialist 
Countryside′ — Only a Political Slogan? Journal of Current 
Chinese Affairs, 38(4): 35–62. 

Ahlers A L, Schubert G, 2013. Strategic modelling: ′building a 
New Socialist Countryside′ in Three Chinese Counties. The 
China Quarterly, 216: 831–849. doi: 10.1017/s030574101300 
1045 

Akıncı H, Özalp A Y, Turgut B, 2013. Agricultural land use 
suitability analysis using GIS and AHP technique. Computers 
and Electronics in Agriculture, 97: 71–82. doi: 10.1016/j. 
compag.2013.07.006 

Aloini D, Dulmin R, Mininno V, 2014. A peer IF-TOPSIS based 
decision support system for packaging machine selection. 
Expert Systems with Applications, 41(5): 2157–2165. doi: 
10.1016/j.eswa.2013.09.014 

Al-Shalabi M A, Mansor S B, Ahmed N B et al., 2006. GIS based 
multicriteria approaches to housing site suitability assessment. 
In: XXIII FIG Congress, Shaping the Change, Munich, 
Germany, October, 8–13. 

Al-Yahyai S, Charabi Y, Gastli A et al., 2012. Wind farm land 
suitability indexing using multi-criteria analysis. Renewable 
Energy, 44: 80–87. doi: 10.1016/j.renene.2012.01.004 

Antuchevičiene J, Zavadskas E K, Zakarevičius A, 2010. Multiple 
criteria construction management decisions considering relations 

between criteria. Technological and Economic Development of 
Economy, 16(1): 109–125. doi: 10.3846/tede. 2010.07 

Bai X, Shi P, Liu Y, 2014. Realizing China′s urban dream. Nature, 
509(7499): 158–160.  

Bański J, Wesołowska M, 2010. Transformations in housing 
construction in rural areas of Poland′s Lublin region: influence 
on the spatial settlement structure and landscape aesthetics. 
Landscape and Urban Planning, 94(2): 116–126. doi: 10. 
1016/j.landurbplan.2009.08.005 

Behzadian M, Khanmohammadi Otaghsara S, Yazdani M et al., 
2012. A state-of the-art survey of TOPSIS applications. Expert 
Systems with Applications, 39(17): 13051–13069. doi: 10. 
1016/j.eswa.2012.05.056 

Benke K K, Pelizaro C, 2010. A spatial-statistical approach to the 
visualisation of uncertainty in land suitability analysis. Journal 
of Spatial Science, 55(2): 257–272. doi: 10.1080/14498596. 
2010.521975 

Berry M, BenDor T K, 2015. Integrating sea level rise into 
development suitability analysis. Computers, Environment and 
Urban Systems, 51: 13–24. doi: 10.1016/j.compenvurbsys. 
2014.12.004 

Bunruamkaew K, Murayam Y, 2011. Site suitability evaluation 
for ecotourism using GIS & AHP: a case study of Surat Thani 
Province, Thailand. Procedia – Social and Behavioral 
Sciences, 21: 269–278. doi: 10.1016/j.sbspro.2011.07.024 

Cai F, Wang D, Du Y, 2002. Regional disparity and economic 
growth in China: the impact of labor market distortions. China 
Economic Review, 13(2): 197–212. doi: 10.1016/S1043-951x 
(02)00072-X 

Ceballos-Silva A, López-Blanco J, 2003. Delineation of suitable 
areas for crops using a multi-criteria evaluation approach and 
land use/cover mapping: a case study in Central Mexico. 
Agricultural Systems, 77(2): 117–136. doi: 10.1016/s0308- 
521x(02)00103-8 

Cengiz T, Akbulak C, 2009. Application of analytical hierarchy 
process and geographic information systems in land-use 
suitability evaluation: a case study of Dumrek village 
(Canakkale, Turkey). International Journal of Sustainable 
Development and World Ecology, 16(4): 286–294. doi: 
10.1080/13504500903106634 

Chen M F, Tzeng G H, 2004. Combining grey relation and 
TOPSIS concepts for selecting an expatriate host country. 
Mathematical and Computer Modelling, 40(13): 1473–1490. 
doi: 10.1016/j.mcm.2005.01.006 

Chen R, Ye C, Cai Y et al., 2014. The impact of rural 
out-migration on land use transition in China: past, present and 
trend. Land Use Policy, 40: 101–110. doi: 10.1016/j. 
landusepol.2013.10.003 

Chen S Y, Lu C C, 2014. Appraising marketing performance for 
insurance businesses through improved Fuzzy Modified GRA. 
Journal of Grey System, 26(3): 96–116.  

Chen S Y, Lu C C, 2015. Assessing the competitiveness of 
insurance corporations using fuzzy correlation analysis and 
improved fuzzy modified TOPSIS. Expert Systems, 32(3): 
392–404. doi: 10.1111/exsy.12099 



654 Chinese Geographical Science 2016 Vol. 26 No. 5 

Chen Y, Wang J, Liu Y, Li X, 2013. Regional suitability for 
settling rural migrants in urban China. Journal of 
Geographical Sciences, 23(6): 1136–1152. doi: 10.1007/ 
s11442-013-1068-9 

Chisholm M, 1972. Rural settlement and land use: Transaction 
Publishers. 

Dai F C, Lee C F, Zhang X H, 2001. GIS-based geo-              
environmental evaluation for urban land-use planning: a case 
study. Engineering Geology, 61(4): 257–271. doi: 10.1016/ 
S0013-7952(01)00028-X 

Delgado M G, Sendra J B, 2004. Sensitivity analysis in 
multicriteria spatial decision-making: a review. Human and 
Ecological Risk Assessment: An International Journal, 10(6): 
1173–1187. doi: 10.1080/10807030490887221 

Démurger S, 2001. Infrastructure development and economic 
growth: an explanation for regional disparities in China? 
Journal of Comparative Economics, 29(1): 95–117. doi: 
10.1006/jcec.2000.1693 

Dong J, Zhuang D, Xu X et al., 2008. Integrated evaluation of 
urban development suitability based on remote sensing and 
GIS techniques: a case study in Jingjinji Area, China. Sensors, 
8(9): 5975–5986. doi: 10.3390/s8095975 

Doygun H, Alphan H, Kusat Gurun D, 2008. Analysing urban 
expansion and land use suitability for the city of 
Kahramanmaras, Turkey, and its surrounding region. Environ-
mental Monitoring and Assessment, 145(1–3): 387–395. doi: 
10.1007/s10661-007-0047-y 

Elsheikh R, Mohamed Shariff A R B, Amiri F et al., 2013. 
Agriculture land suitability evaluator (ALSE): a decision and 
planning support tool for tropical and subtropical crops. 
Computers and Electronics in Agriculture, 93: 98–110. doi: 
10.1016/j.compag.2013.02.003 

Emami B, Zarkesh M M K, 2011. Application of spatial analytical 
hierarchy process in land suitability: case study on urban 
development of Tabriz Province, Iran. Journal of Food, 
Agriculture & Environment, 9(2): 561–567. 

Fan C, Shen S, Wang S et al., 2011. Research on Urban Land 
Ecological Suitability Evaluation Based on Gravity- 
Resistance Model: a case of Deyang City in China. Procedia 
Engineering, 21: 676–685. doi: 10.1016/j.proeng.2011.11. 
2064 

Gong J, Liu Y, Chen W, 2012. Land suitability evaluation for 
development using a matter-element model: a case study in 
Zengcheng, Guangzhou, China. Land Use Policy, 29(2): 
464–472. doi: 10.1016/j.landusepol.2011.09.005 

Guo X Y, Yu Z G, Schmit T et al., 2009. Evaluation of new 
socialist countryside development in China. China 
Agricultural Economic Review, 1(3): 314–326. doi: 10.1108/ 
17561370910958882 

Hazarika R, Saikia A, 2013. The pachyderm and the pixel: an 
assessment of elephant habitat suitability in Sonitpur, India. 
International Journal of Remote Sensing, 34(15): 5317–5330. 
doi: 10.1080/01431161.2013.787503 

Hwang C L, Yoon K P, 1981. Multiple Attribute Decision Making: 
Methods and Applications. New York: Springer-Verlag. 

Jeong J S, García-Moruno L, Hernández-Blanco J et al., 2014. An 
operational method to supporting siting decisions for 
sustainable rural second home planning in ecotourism sites. 
Land Use Policy, 41: 550–560. doi: 10.1016/j.landusepol. 
2014.04.012 

Kennedy S, 2010. The Myth of the Beijing Consensus. Journal of 
Contemporary China, 19(65): 461–477. doi: 10.1080/10670 
561003666087 

Kim G, Park C S, Yoon K P, 1997. Identifying investment 
opportunities for advanced manufacturing systems with 
comparative-integrated performance measurement. International 
Journal of Production Economics, 50(1): 23–33. doi: 10. 
1016/S0925-5273(97)00014-5 

Li H, Long R, Chen H, 2013. Economic transition policies in 
Chinese resource-based cities: an overview of government 
efforts. Energy Policy, 55: 251–260. doi: 10.1016/j.enpol. 
2012.12.007 

Ligmann-Zielinska A, Jankowski P, 2014. Spatially-explicit 
integrated uncertainty and sensitivity analysis of criteria 
weights in multicriteria land suitability evaluation. Environ-
mental Modelling & Software, 57: 235–247. doi: 10.1016/j. 
envsoft.2014.03.007 

Liu R, Zhang K, Zhang Z, Borthwick A G, 2014. Land-use 
suitability analysis for urban development in Beijing. Journal 
of Environmental Management, 145: 170–179. doi: 10. 
1016/j.jenvman.2014.06.020 

Liu W, Spaargaren G, Mol A P J et al., 2014. Low carbon rural 
housing provision in China: participation and decision making. 
Journal of Rural Studies, 35: 80–90. doi: 10.1016/j. 
jrurstud.2014.04.005 

Liu Y, Liu Y, Chen Y et al., 2010. The process and driving forces 
of rural hollowing in China under rapid urbanization. Journal 
of Geographical Sciences, 20(6): 876–888. doi: 10.1007/s 
11442-010-0817-2 

Long H, Li Y, Liu Y et al., 2012. Accelerated restructuring in 
rural China fueled by ′increasing vs. decreasing balance′ 
land-use policy for dealing with hollowed villages. Land Use 
Policy, 29(1): 11–22. doi: 10.1016/j.landusepol.2011.04.003 

Long H, Liu Y, Li X et al., 2010. Building new countryside in 
China: a geographical perspective. Land Use Policy, 27(2): 
457–470. doi: 10.1016/j.landusepol.2009.06.006 

Long H, Liu Y, Wu X et al., 2009. Spatio-temporal dynamic 
patterns of farmland and rural settlements in Su-Xi-Chang 
region: implications for building a new countryside in coastal 
China. Land Use Policy, 26(2): 322–333. doi: 10.1016/j. 
landusepol.2008.04.001 

Mahalanobis P C, 1936. On the generalized distance in statistics. 
Proceedings of the National Institute of Sciences (Calcutta), 2: 
49–55. 

Malczewski J, 2006. Ordered weighted averaging with fuzzy 
quantifiers: GIS-based multicriteria evaluation for land-use 
suitability analysis. International Journal of Applied Earth 
Observation and Geoinformation, 8(4): 270–277. doi: 
10.1016/j.jag.2006.01.003 

Park S, Jeon S, Kim S et al., 2011. Prediction and comparison of 



 LIU Yanfang et al. Assessing Suitability of Rural Settlements Using an Improved Technique for Order Preference by… 655 

urban growth by land suitability index mapping using GIS and 
RS in South Korea. Landscape and Urban Planning, 99(2): 
104–114. doi: 10.1016/j.landurbplan.2010.09.001 

Pourebrahim S, Hadipour M, Bin Mokhtar M, 2011. Integration 
of spatial suitability analysis for land use planning in coastal 
areas; case of Kuala Langat District, Selangor, Malaysia. 
Landscape and Urban Planning, 101(1): 84–97. doi: 10. 
1016/j.landurbplan.2011.01.007 

Quinn B, Schiel K, Caruso G, 2014. Mapping uncertainty from 
multi-criteria analysis of land development suitability, the case 
of Howth, Dublin. Journal of Maps, 11(3): 487–495. doi: 
10.1080/17445647.2014.978907 

Romano G, Dal Sasso P, Trisorio Liuzzi G et al., 2015. 
Multi-criteria decision analysis for land suitability mapping in 
a rural area of Southern Italy. Land Use Policy, 48: 131–143. 
doi: 10.1016/j.landusepol.2015.05.013 

Saaty T L, 1977. A scaling method for priorities in hierarchical 
structures. Journal of Mathematical Psychology, 15(3): 
234–281. doi: 10.1016/0022-2496(77)90033-5 

Sakthivel G, Ilangkumaran M, Gaikwad A, 2015. A hybrid 
multi-criteria decision modeling approach for the best 
biodiesel blend selection based on ANP-TOPSIS analysis. Ain 
Shams Engineering Journal, 6(1): 239–256. doi: 10.1016/j. 
asej.2014.08.003 

Saltelli A, Annoni P, Azzini I et al., 2010. Variance based 
sensitivity analysis of model output. Design and estimator for 
the total sensitivity index. Computer Physics Communications, 
181(2): 259–270. doi: 10.1016/j.cpc.2009.09.018 

Santé-Riveira I, Crecente-Maseda R, Miranda-Barrós D, 2008. 
GIS-based planning support system for rural land-use 
allocation. Computers and Electronics in Agriculture, 63(2): 
257–273. doi: 10.1016/j.compag.2008.03.007 

Shih H S, Shyur H J, Lee E S, 2007. An extension of  TOPSIS for 
group decision making. Mathematical and Computer Modelling, 
45(7): 801–813. doi: 10.1016/j.mcm.2006.03.023 

Steiner F, McSherry L, Cohen J, 2000. Land suitability analysis 
for the upper Gila River watershed. Landscape and Urban 
Planning, 50(4): 199–214. doi: 10.1016/S0169-2046(00) 
00093-1 

Tan M, Li X, 2013. The changing settlements in rural areas under 
urban pressure in China: patterns, driving forces and policy 
implications. Landscape and Urban Planning, 120: 170–177. 
doi: 10.1016/j.landurbplan.2013.08.016 

Tang Q, Li Y, Xu Y, 2015. Land suitability assessment for 
post-earthquake reconstruction: a case study of Lushan in 
Sichuan, China. Journal of Geographical Sciences, 25(7): 

865–878. doi: 10.1007/s11442-015-1207-6 
Troy J R, Holmes N D, Veech J A et al., 2014. Habitat suitability 

modeling for the Newell′s Shearwater on Kauai. Journal of 
Fish and Wildlife Management, 5(2): 315–329. doi: 10.3996/ 
112013-JFWM074 

Villanueva Ponce R, Garcia Alcaraz JL, 2013. Evaluation of 
technology using TOPSIS in presence of multi-collinearity in 
attributes: why use the Mahalanobis distance? Revista Facultad 
De Ingenieria-Universidad De Antioquia, (67): 31–42.  

Wang Y M, Elhag T M S, 2006. Fuzzy TOPSIS method based on 
alpha level sets with an application to bridge risk assessment. 
Expert Systems with Applications, 31(2): 309–319. doi: 
10.1016/j.eswa.2005.09.040 

Wang Z X, Wang Y Y, 2014. Evaluation of the provincial 
competitiveness of the Chinese high-tech industry using an 
improved TOPSIS method. Expert Systems with Applications, 
41(6): 2824–2831. doi: 10.1016/j.eswa.2013.10.015 

Xiang S, Nie F, Zhang C, 2008. Learning a Mahalanobis distance 
metric for data clustering and classification. Pattern 
Recognition, 41(12): 3600–3612. doi: 10.1016/j.patcog.2008. 
05.018 

Yager R R, 1988. On ordered weighted averaging aggregation 
operators in multi-criteria decision making. IEEE Transactions 
on Systems, Man, and Cybernetics, 18(1): 183–190. doi: 
10.1109/21.87068 

Fang Y G, Liu J S, 2014. The modification of North China 
quadrangles in response to rural social and economic changes 
in agricultural villages: 1970–2010s. Land Use Policy, 39: 
266–280. doi: 10.1016/j.landusepol.2014.02.009 

Yeh K C, Tung Y K, 1993. Uncertainty and sensitivity analyses of 
Pi-Migration Model. Journal of Hydraulic Engineering, 
119(2): 262–283. doi: 10.1061/(ASCE)0733-9429(1993)119: 
2(262) 

Yu J, Chen Y, Wu J, Khan S, 2011. Cellular automata-based 
spatial multi-criteria land suitability simulation for irrigated 
agriculture. International Journal of Geographical Informa-
tion Science, 25(1): 131–148. doi: 10.1080/13658811003 
785571 

Zhang X, Chen G, 2011. Application of improved GIS-based 
model to evaluate urban construction land suitability, in: Proc. 
SPIE 7752, PIAGENG 2010: Photonics and Imaging for Ag-
ricultural Engineering. doi: 10.1117/12.887712 

Zhu F, Zhang F, Li C, Zhu T, 2014. Functional transition of the 
rural settlement: analysis of land-use differentiation in a 
transect of Beijing, China. Habitat International, 41: 262–271. 
doi: 10.1016/j.habitatint.2013.07.011 

 



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 600
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 600
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata najpogodnijih za visokokvalitetni ispis prije tiskanja koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


